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. MYVSA-Single MYVSA-Multiple TumEmo

Modality Model Acc F1 Acc F1 Acc F1
CNN 0.6819 0.5590 0.6564 0.5766 0.6154 04774
Text BiLSTM 0.7012 0.6506 0.6790 0.6790 0.6188 0.5126
BiACNN | 0.7036 0.6916 0.6847 0.6319 0.6212 0.5016
TGNN 0.7034 0.6594 0.6967 0.6180 0.6379 0.6362
OSDA 0.6675 0.6651 0.6662 0.6623 04770 0.3438
Image SGN 0.6620 0.6248 0.6765 0.5864 0.4353 0.4232
OGN 0.6659 0.6191 0.6743 0.6010 0.4564 0.4446
DulG 0.6822 0.6538 0.6819 0.6081 0.4636 0.4561
HSAN 0.6988 0.6690 0.6796 0.6776 0.6309 0.5398
Image- MDSN 0.6984 0.6963 0.6886 0.6811 0.6418 0.5692
Text Co-Mem 0.7051 0.7001 0.6992 0.6983 0.6426 0.5909
MVAN# 0.7298% 0.7139% 07183% 0.7038% | 0 6553F (065431
MGNNS | 0.7377 0.7270 0.7249 0.6934 | 0.6672 0.6669

Xiaocui Yang, Shi Feng, Yifei Zhang, Daling Wang. Multimodal Sentiment Detection Based on Multi-channel Graph Neural Networks. ACL 2021.
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Name Entities | Relations | InDegree | OutDegree | ControlP | RandomP | Tramming | Validation Test Total
FB15K-237 14,541 237 18.4 17.8 6.5 3.0 272,115 17.535 20466 | 310,116
WNIERR 40,943 11 2.7 2.2 3.0 2.9 86,835 3034 3134 93,003
Kinship 104 25 82.2 82.2 27.5 5.0 8544 1068 1074 10,686
« ZXET
Kinshi
Model Hits@l0 T Hits@3 T Hitf@l T MRRT MR]
TransE 56.3 31.5 11.5 26.4 16.05
DistMult 88.5 61.2 39.9 54.9 4.62
ComplEx 97.0 91.3 74.2 83.3 2.02
ConvE 96.6 89.0 71.7 81.2 2.52
ConvKB 96.3 78.5 48.0 65.2 3.02
PTransE(ADD) 27.3 16.0 7.50 14.1 9.74
PTransE(MUL) 23.9 13.6 5.14 11.5 11.09
PTransE(RNN) 27.3 15.1 6.15 13.1 9.35
RSN 49.2 30.1 15.6 219 13.76
OPTransE 58.3 32.8 17.5 30.6 12.87
KBGAT 97.1 01.1 81.8 87.2 2.35
GGAE(Random) 971.7 92.4 85.4 89.6 1.97
GGAE(Control) 98.2 95.1 90.6 93.2 1.88

Qian Li, Daling Wang, Shi Feng, Cheng Niu, and Yifei Zhang: Global Graph Attention Embedding Network for Relation Prediction in Knowledge
Graphs. IEEE Transactions on Neural Networks and Learning System (CCF B, Q1)
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Yongkang Liu, Shi Feng, Daling Wang, Kaisong Song, Feiliang Ren, Yifei Zhang: A Graph Reasoning Network for Multi-turn Response Selection via Customized
Pre-training. AAAI 2020 (CCF A)
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Models Emb-avg% Distl% Dist2% BLUE% Bl% B2% B3% Avg-len Acc5%
Human - 10.6 47.50 - - - - 15.22 65.1
S2S# 71.11 0.52 1.422 15.75 23.15 20.35 17.71 14.50 50.1
ECM* 70.98 0.30 1.085 13.57 21.05 17.83 15.38 10.80 48.0
Mojitalk* 71.03 4.16 13.18 15.04 22.61 19.35 16.93 12.90 50.1
XLNet T1.77 4.13 13.82 14.55 22.84  19.16 16.49 [1.52 49.1
T-CVAE 71.99 4.96 21.62 15.99 24.31 20.58 18.01 12.92 50.2
T-CVAE w/o U, 71.51 5.10 21.73 15.12 23.20 19.56  17.05 12.20 49.6
Ours 73.18 4.08 21.97 18.54 28.08 23.53 20.73 15.73 51.7
w/o U, 7277 4.56 22.00 17.71 27.02 2273 19.88 14.45 51.1
w/0 pre-train 72.54 2.46 21.50 17.29 25.52  21.87 19.33 15.20 50.8

Shifeng Li, Shi Feng, Daling Wang, Kaisong Song, Yifei Zhang, Weichao Wang: EmoElicitor: An Open Domain Response Generation Model with
User Emotional Reaction Awareness. IJCAI 2020 (CCF A)



A}

- R S B B P R AR TS

c KT RSB ALERE AR TIAEFH SR FHITRE, A
5 P RENRRE,

® Semantic coherence @ Dullness @ Deviation

o ILA B9 XF1E 7] AL A AR, Post
v R RRE A F ) I like cooking more and more.
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Answer
Wow, I am only skillful in cooking beelf.

Weichao Wang, Shi Feng, Daling Wang, Yifei Zhang: Answer-guided and Semantic Coherent Question Generation in Open-domain Conversation
EMNLP 2019 (CCF B)
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Question Generation Evaluation Models A S W Sum
Models | RubA | RubG | Dist2 | PPL seq2seq | 0.486 | 0.208 | 0.196 | 0.890
Seq2Seq | 0.614 | 0.574 | 0.008 | 63.02 CVAE 0458 | 0.484 | 0.408 | 1.350

CVAE 0.682 | 0.649 | 0.112 | 20.39 STD 0504 | 0322 | 0272 | 1.008
STD 0.658 | 0.613 | 0.010 | 28.75

HTD 0689 | 0.654 | 0.114 | 26.02 HTD 0.528 | 0.486 | 0.406 | 1.420
CVAE (q0) | 0.688 | 0.652 | 0.114 | 20.03 CVAE(qt) | 0.462 | 0.508 | 0.468 | 1.438
A-CVAE | 0.715 | 0.661 | 0.123 | 19.51 A-CVAE | 0.540 | 0.578 | 0.514 | 1.632
RL-CVAE | 0.720 | 0.668 | 0.185 | 16.93 RL-CVAE | 0.542 | 0.602 | 0.526 | 1.670

Weichao Wang, Shi Feng, Daling Wang, Yifei Zhang: Answer-guided and Semantic Coherent Question Generation in Open-domain Conversation
EMNLP 2019 (CCF B)
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